This paper analyses whether stock markets of South East Europe (SEE) have become more integrated with regional and global stock markets during 2000s. Using a variety of co-integration methodologies we show that SEE stock markets have no long-run relationship with their mature counterparts. This means that SEE markets might be immunized to external shocks. We also model time varying correlations among these markets by using Multivariate Generalised Autoregressive Conditional Heteroschedastic (MGARCH) models as well as the Exponential Weighted Moving Average (EWMA) methodology. Results show that the correlations of UK and US equity markets with South East Europe market change over time. These changes in correlations between our benchmark markets and individual SEE market pairs are not uniform although evidence of increasing convergence among South East Europe and developed stock market is evident. Also examined in this paper whether the structure of correlations between returns of indices in different markets changed in different phases of the 2007-2009 global financial crisis. Overall our results show that diversification benefits are still possible for investors wishing to diversify their portfolio between developed and emerging SEE stock markets.
Introduction
During 2000s countries of South Eastern Europe (SEE) experienced strong economic growth and most of them liberalised their financial markets. In light of the recent accession of Bulgaria and Romania to the European Union (EU) and their future entry in the Euro area, it has become increasingly important to follow developments in SEE stock markets. This study provides a comprehensive overview on the state of financial integration of a group of SEE countries 1 with more advanced economies. The aim to this paper to shed further light about the relationship between SEE as well as Germany, UK and US equity markets is based on several reasons. Firstly, most of the SEE economies have gone through extensive reforms that have allowed them to go through robust economic growth patterns attracting also consistent FDI (table 1) 2 . FDI's flows in emerging stock markets are usually motivated by international investor expectations of higher returns and reduced portfolio risks (Divecha et al., 1992; Eaker et al., 2000; Middleton et al., 2008) . The increase in net inflows to SEE emerging economies during 2000s is a clear sign of the attractive investment opportunities for international investors. Secondly SEE stock markets are quite modest compared to developed countries such as Germany, UK and USA as shown by both the number of listed companies and the ratio of market capitalization to GDP (table 2) . It may be relevant to analyse whether lower capitalizations and domestically oriented SEE markets are in some way linked to higher capitalization markets. Thirdly, a typical feature of several SEE stock markets is low liquidity 3 : annual turnover ratio in SEE stock markets ranges from 6.3% in Croatia to 20.5% in Slovenia. This contrast with 142.4% and 179.4% in UK and USA respectively. So it is interesting to see whether markets with different level of liquidity tend to move together. Fourthly, during the recent US sub-prime financial crisis, market capitalization as percentage of GDP in SEE sock markets has fluctuated widely: these figures (table 2) ranged from 9.9% (Romania) to 38,6% (Croatia) in 2008. These figures suggest that probably the US crisis also hit these emerging stock markets 4 . Said that, a further goal of our study was to detect how quickly the US crisis spread through the SEE stock markets. Finally, our work aims to evaluate whether the integration of SEE stock markets is taking place more rapidly at regional level (by considering the German stock market as a leading European stock market) or at global level (by considering both the UK and US stock markets). Relevant empirical literature dealing with the relationship between developed and SEE stock markets is almost totally absent although the high rate of economic growth of these economies in the last 10 years. Said that our paper aims to fill that gap. The rest of this paper is structured as follows. Section 2 review the relevant literature. Section 3 shows methodologies used in this study. Section 4 present data used in this study. Section 5 presents the empirical results. Section 6 concludes.
Literature review
A number of existing contributions has dealt with linkages among emerging Eastern Europe and developed stock markets. Lucey and Voronkova (2008) investigate both long-and short-run relationships between the Russian and developed stock markets in the 1994-2004 period. The first relation is examined through the Johansen-Juselius cointegration test: no long run relationships between Russian and seven markets was found. DCC multivariate GARCH models were used to examine the short-run dynamics: bivariate conditional correlations between Russian and several developed markets (i.e. UK and US), show that correlations increased especially during the 1998 Russian crisis. Exploring the short and long-term relationships between the US stock markets and three Central European (CEE) markets (Czech Republic, Hungary, and Poland) during the 1995-2001 period, Gilmore and McManus (2002) found no evidence of both bilateral and multilateral relationships between the US and the three CEE markets either in the shortand long term period. Scheichher (2001) documented also that the interaction among these three CEE equity markets seems to be quite limited. Syriopoulos (2007) investigates the relationships between CEE stock markets (Czech Republic, Hungary, Poland, Slovakia) and developed stock markets (Germany, US) over the period [1997] [1998] [1999] [2000] [2001] [2002] [2003] . Results show a long-run relationship between the CEE and the developed stock markets, however in the short-period the US stock market exerts a stronger impact then the German market on the CEE stock markets. Voronkova (2004) explored the degree of integration among three emerging markets (Czech Republic, Hungary, Poland), three developed European markets (France, Germany and UK) and the US over 1993-2002 period. Using conventional cointegration tests (i.e. the Engle-Granger and the Johansen cointegration procedure) her analysis indicates that emerging countries share a long-run relation with developed stock markets, however bivariate cointegration indicate the existence of co-movements between the developed markets and just only the Polish market. Using the Gregory-Hansen cointegration test that allow for structural change in the cointegration relation, results reveal long-run linkages between the Czech and Hungarian markets with the developed markets. Long-run relationships among CEE countries and developed markets is not always confirmed since Gilmore et al. (2005) show that for German and US investors willing to diversify their portfolios can benefit from investing into Czech Republic, Hungary and Poland equity markets due the absence of any long run relationship among these stock markets and western stock markets. This mixed results suggest the hypothesis of time-varying nature of the long run relationship among equity markets indexes which may occurs over long periods. Recent studies which focused on the periods after the conclusion of liberalization processes in the CEE countries have find more stable results.
For instance, Samitas et al. (2007) explore the issue of integration among several Balkan stock markets (Bulgaria, Romania, Serbia, Turkey, Croatia, FYROM, Albania), three developed European stock markets (Greece, Germany, UK) and the US. Using both the Johansen cointegration test and Gregory-Hansen on a sample data which covers a period of six years (from 2000 to 2006), these authors found evidence of equity market integration among emerging Balkan and developed equity markets. Syriopoulos and Roumpis (2009) examined linkages and time-varying co-movements between emerging Balkans equity markets (Bulgaria, Croatia, Cyprus, Romania, Turkey) and two developed equity markets (US and Germany) during the period 1998-2007. They find the presence of cointegration between the sample equity markets. Gilmore et al. (2008) show clearly no evidence of cointegration between developed European Union equity markets and three CEE countries for the period 1995-2005 by using the Johansen and Juselius cointegration procedure.
Results are different by using the Hansen and Johansen cointegration method: it is shown the episodic evidence of cointegration among these markets 5 . The review of the literature shows clearly that the relationship among developed and eastern Europe stock markets is not very clear. Several factors may affect the results such as the period of time considered, the methodology used and the sample of stock markets chosen. In the period of time we considered, all stock markets have taken important measure in order to liberalise their financial system. Some of them are completing their process in order to be either member of the EU or the Euro area. Until the second half of 2000s, these SEE recorded also high rate of economic growth. These reasons make these stock markets very interesting for international investors looking for diversify their portfolio in emerging stock markets.
Data
The data consists weekly price index values for the SEE and developed stock markets from 8 th November 2000 to 19 th May 2010. We use weekly prices for weeks running from Wednesday to Wednesday to minimize effects of cross-country differences in weekend market closures (Beirne et al. 2010) , as well as to overcome the more general problem of non-synchronous data. 6 All stock prices were taken in local currency from Thomson Reuters Datastream (table 3) . As pointed out by Syriopoulos and Roumpis (2009) , taking stock market prices in local currency has two main advantages, firstly changes are due just only to stock prices movements secondly these changes are not biased by exchange rate devaluations. The reasons behind the chose of developed stock markets like UK and US is that these stock markets are the biggest in the world (Schotman and Zalewska, 2006) . On the other side the German stock market was chosen for two reasons.
Firstly the German economy is the largest within Europe. Secondly the share of German investment in SEE is one of the larger so we would expect that the German market is most integrated with SEE stock markets. For the time period under study the Turkey stock index is the most volatile, as indicated by the standard deviation of 5.5%, while the US stock index appears to be most stable with standard deviation being 2.5%.
Overall the returns of SEE markets show higher volatility 7 than for the two developed stock markets: this is not surprising and it is consistent with other studies (Goetzmann and Jorion, 1999; Chelley-Steeley, 2004) where it has been found that high volatility phenomenon characterize emerging stock markets. Further the reported Jarque-Bera statistic reject the null hypothesis that returns are normally distributed for all stock market. The value of the skewness is negative for each index indicating that large positive stock returns are less common than large negative stock returns. Further kurtosis statistic is greater than 3 indicating that all returns series are leptokurtic having significantly fatter tails and higher peaks. Overall we found that the average daily return for our sample of emerging markets is 0.17% compared to -0.05% for developed stock markets. For volatility we found that the average daily standard deviation of returns is 3.94 for our sample of emerging market compared with 2.93 for the developed market sample. According to these statistics, emerging stock markets appear very attractive investment for international investors. 7 With the exception of the Slovenian stock market. 8 As pointed out by Dvorak and Podpiera (2006) , the announcements of the European Union (EU) enlargement may be considered one of the causes of the dramatic increases in stock prices of some candidate countries.
returns (i.e. high volatility). As pointed out by Bartram and Bodnar (2009) As pointed out by Christie (1982) when stock market prices move downward , the coefficient of the debt/equity ratio rises. The main consequence is an increasing riskiness (volatility) of the stock market. Correlations among market returns (table 5) averaged between 2% and 77% during the whole period.
Correlation coefficients between the SEE and the developed stock markets are found relatively low suggesting possible diversification benefits in Eastern Europe emerging markets. However, the correlations for the whole period can hide the progress towards integration that has been made by a number of countries.
As we can see from table 3 there is an evident increase in the size of correlations among stock market returns in the two sub-periods. For example, during 2000-2005 the correlations coefficients between the returns of S&P100 and BET had been 1.3%, but increased to 47.7% during [2005] [2006] [2007] [2008] [2009] [2010] . The correlation coefficient between UK and Romania rose (and changed sign) from -1.2% to 51,5%. Similar patterns can be observed between other stock markets. More in general the average correlation between emerging and developed market returns over the period is 36.4%, 20% and 51% in the first-and second-sub period respectively. These results suggest that correlations between emerging and developed markets have increased over time. Further we computed the average weekly returns for our sample market at aggregate level, our findings show that average returns for our sample of developed markets are 0.013% whilst for emerging -0.283%. These results do not support the traditional point of view of practitioner circles about higher returns for emerging rather than developed markets 10 
Methodology
When two or more variables are co integrated, that is, if there exists a particular linear combination of these nonstationary variables which is stationary, in such cases a long-run relationship between these variables exists. When more than two variables are involved, cointegration analysis can be carried out through multivariate cointegration tests. In this study we use the Johansen cointegration test (1988) . In order to carry out that test, we first formulate the following VAR model: co-integrating vectors is tested. These tests can be calculated as follows:
If the test statistic value exceeds the critical values then we reject the null hypothesis and accept the alternative.
We also perform Engle and Granger (1987) 
If the residuals are found to be stationary the null hypothesis of no equilibrium relationship between stock returns of two markets is rejected (i.e. no long run relationship exists between stock market returns). Gregory and Hansen (1996) argue that standard tests for cointegration are appropriate for testing the hypothesis of no cointegration against the alternative of cointegration given that these tests assume that the cointegration relationship among variable of interest is time-invariant. However if we are interested to evaluate whether the long run relationship change at a single unknown time during the sample period, then our null hypothesis (no cointegration) is the same, while the alternative is different than the conventional cointegration test. In other words, Gregory and Hansen (1996) test allow for a regime shift in either the intercept alone or the entire coefficient vectors. This regime shift is called structural break and is the alternative hypothesis of the Gregory-Hansen cointegration test. Gregory and Hansen (1996) argues that there are several forms of structural change, however they discuss and model only three forms. These forms can be modelled through three different models each of on one allowing structural change in the cointegrating relationship. The first one is called Model C (level shift model), that is:
where [ ] t y y y y 2 1 , = is a vector of variable we are interested to study the long run relationship, whilst µ 1 represents the intercept before the shift, and µ 2 represents the change in the intercept at the time of the shift.
If we introduce a time trend into the level shift model, then we get the Level shift model with trend (C/T) which is specified as follows: In the C/S model µ 1 and µ 2 are defined as in the level shift model, α 1 denotes the cointegrating slopes coefficients before the regime shift, and α 1 denotes the changes in the slope coefficients All models above permits structural change through the dummy variable t δ which is defined as:
where the unknown parameter Unbiased estimates of unconditional correlation can be calculated by a weighted moving average. This methodology can involve either equal (EW) or exponential weighting moving average (EWMA). The last is preferred to the EWMA because puts more weight on the more recent observations. These means that extreme returns in the past become less important in the average. One of the advantages of using exponential rather than equal weighting is that shocks to correlation die out exponentially, at a rate determined by the smoothing constant. Following Alexander (2008) The main question with EWMA is which value of λ should be used? There is no one best method for optimising the value of λ . the optimal λ used by Riskmetrics has been 0.94 for daily data thus in our work we took that value.
A further way of capturing interactions between the volatility of N different financial markets returns is to estimate a multivariate GARCH model for the time series GARCH is by Engle et al. (1984) , which introduced the bivariate ARCH model. A rigorous analysis of the theoretical properties of multivariate GARCH models, however, did not appear until Engle and Kroner (1995) , which was based on the earlier working paper by Baba et al. (1990) . There are numerous different representations of the multivariate GARCH models proposed by Engle and Kroner (1995) . In multivariate GARCH models, since y t is a vector of dimension ( )
, the conditional mean of y t is an ( ) 
Where ℎ ,௧ ൫ℎ ,௧ ൯ is the standard deviation for the return ‫ݎ‬ ,௧ ൫‫ݎ‬ ,௧ ൯ on a j-esimo (i-esimo) mature (emerging SEE) stock market ‫ݎ‬ ,௧ ൫‫ݎ‬ ,௧ ൯, and ℎ ,௧
ଶ is the covariance among each pair of mature and emerging markets returns. One disadvantage of the BEKK models is that the parameters cannot be easily interpreted, that's why we decided to following Li and Majerowska (2008) , by using the estimated BEKK conditional covariance to measure the extent of market linkages in terms of volatility.
Engle (2000) argues that a valid alternative to multivariate GARCH models is given by Dynamic Conditional
Correlations (DCC) models. The main advantage is that this models have the flexibility of the univariate GARCH and are less complex to estimate respect to the multivariate GARCH models. DCC models can be used to parameterize the conditional correlation directly (Engle, 1999 These univariate variance estimates are then used to standardise the zero-mean return innovations for each asset. In the second step we use the following dynamic correlation structure: 
Results
The first step is to test whether the series are not stationary. The classical regression model requires that the dependent and independent variable in a regression be stationary. In the presence of non-stationary variables
there might be what is called spurious regression. Hence, before fitting any reasonable model, we have to examine the time series properties that are used in the models. This can be done by using several unit root tests like Augmented Dickey Fuller (ADF) and Phillip-Perron (PP) tests. Results (table 6) shows that all variables are integrated of order one, i.e I(1). (0.00) Notes. The lag length has been chosen using the Schwarz information criterion with, Maxlag=17 (Automatic based on SIC). MacKinnon (1996) onesided p-value among parentheses. For the ADF and PP tests the null hypothesis is the presence of a unit root.
After checking the order of integration we proceed to determine whether there exists a long-run relationship among SEE and mature stock markets by estimating VAR models. The first step involves to determine choosing the optimal number of lags (q) to apply the VAR. AIC and SC were used to determine the optimal number of lags. Relatively to the SEE and UK equity markets, AIC selected 5 lags while the SC selected 1 lags: in order to estimates the more parsimonious model, we chose to follow SC indication, so a VAR with 1 lags was chosen. Relatively to the SEE and the UK equity markets both AIC and SC selected VAR different number of lags: we decided to choose the more parsimonious model VAR with just 2 lags as indicated by SC. Finally for the SEE and German stock markets, we follow SC results by estimating a VAR with 1 lag.
After selecting VAR with optimal number of lags, Johansen cointegration test were performed by using both the trace statistic (i.e. λ trace ) and the maximum value statistic (i.e. λ max ). The empirical findings (tab. 7)
do not support the presence of a cointegration relationship among the UK and the SEE markets. Also considering the US and SEE as well as Germany and SEE stock markets we do not find evidence of cointegration relationship. Because of λ trace and λ max do not find any cointegration equations, the main conclusion is that SEE market are not integrated with mature stock markets, in other words no long-term relationship between these markets took place during the period considered in this study. These results are quite surprising given the leading role of the German stock market in Europe and the role of both the UK and US stock markets worldwide. Our results differ from those of Syriopoulos and Roumpis (2009) who found that leading stock markets (namely the German and US) are cointegrated with Balkan equity markets 11 .
However these authors performed the cointegration test taking into consideration all countries while it would have been useful to check the existence of the cointegration by running the test twice: firstly considering the German and Balkan stock markets, then considering the US and Balkan equity markets. In other words running a cointegration test among mature and emerging stock markets could show likely to at least a long run relationship which could be just that among developed stock markets rather than the relationship among developed and emerging stock markets. We tested that hypothesis and we found that λ trace indicate two cointegration equations at 5% level whilst λ max indicates no cointegration 12 Huang et al. (2000) and Egert and Kocenda (2007) argue that in the absence of long-term equilibrium relations between stock markets, an analysis of short-term interactions might provide further information about the relationships among stock markets by investigating whether a causal relationship among markets exists through the Granger Causality method (Granger, 1969) . The Granger method seeks to determine how much of a current variable, y, can be explained by past values of y and whether adding lagged values of another variable x can improve the explanation. The variable y is then said to be "Granger-caused" by the variable x if the last helps predict y, that is, if the coefficients on the lagged x's are statistically significant, as measured by an F-Test. In our study the Granger-causality test was applied to analyse the direction of causality among returns of mature stock markets and SEE stock markets. Results are shown in table 8. We do reject the hypothesis that UK does not cause Croatian, Romanian and Turkish stock markets. German does cause the same markets as the UK stock index, but also causes the Greek stock market. On the other side the US stock market is found to lead all SEE markets. It is not unexpected that the US stock market has an impact on a major number of SEE stock markets respect to the UK stock index given the global role of the US market 13 . This may be also explained by favourable trade balances the SEE countries enjoy with the US (Huang et al. 2000) . On the other hand there is no reverse causation from emerging to developed stock markets, since the F-values are statistically insignificant. Overall results suggest that on the one side, the direction of causality is from mature to SEE emerging stock markets, on the other side stock prices of some mature stock markets can be used to predict stock price changes in several SEE stock markets. The traditional approach to cointegration assumes that cointegration vectors are time invariant. However the power of cointegration tests is substantially reduced when applied to cointegrated series which experience a change in their cointegrating relationship. In order to overcome that problem Gregory and Hansen (1996) extend the Engle-Granger cointegration test in order to explicitly allow for breaks at an unknown time in their long-run relationship. These authors argue that the rejection of cointegration may be due to a shift in the cointegration vector during the sample period and develop a test that assumes the null hypothesis of no cointegration against the alternative hypothesis of cointegration with one structural break. The GregoryHansen test (GH hereafter) accounts for one structural change that occurs at an unknown time and can be implemented by using three different models. The results for GH cointegration test are given in table 9.
Because of the 5% critical value is lower that the GH test statistic in all models, we do not reject the null hypothesis of no cointegration in all cases with the exception of Germany and SEE markets using the GH test with constant. Figures 2, 3 and 4 evidence that clearly there is a well-defined single minimum for all models although in every case, with the exception above mentioned, the structural break is not statistically significant. Gregory and Hansen (1996) . Cointegration results show that generally SEE market have no long run relationship with both regional and global financial markets. Gilmore et al. (2008) argue that the lack of cointegration among stock markets make possible to use a vector autoregression model in first difference in order to detect further comovements among stock market indices. The main aim of using that methodology is to obtain the variance decomposition of forecast errors resulting from the VAR model in order to obtain information of the proportions of the variance in returns into domestic and foreign factors. In other words if a stock market is not affected by other stock markets, then the variance of its returns should be due exclusively by domestic factors (Gilmore et al., 2008) . Table 10 shows the variance decomposition result over a 3-week period for 3 VAR models 14 . The first one was estimated including Germany and the SEE stock markets 15 , the second one including UK and SEE equity markets 16 , and the last one including USA and SEE stock markets 17 . The
Bulgarian and Romanian equity markets are less influenced by developed stock markets than the other SEE markets. Results suggest that 1.514 % of the error in the forecast of the Bulgarian equity returns 3 weeks out is due to shock coming from Germany. More in general SEE markets appear to be affected by both the UK and US markets, however the origin of the variation in SEE stock market returns is mainly due to domestic factors. Analysing Central and Eastern Europe equity markets, also Chelley-Steeley (2005) came the conclusion that in those emerging stock markets seems that domestic factors are more important in explaining returns variance rather than shock coming from mature stock markets. A further point we want to analyse the existence of time varying correlations between developed and SEE emerging markets. With that goal we use EWMA, BEKK and DCC methodologies. The reason for using more than one methodology is testing robustness of our results, in other words we want to find out whether results are indifferent to the method of analysing time varying correlation between stock markets. The EWMA methodology was the first one used and results are shown in Fig 5, 6 and 7. Overall EWMA correlations of each SEE market with Germany, UK and US vary within the range 0-83% in [2000] [2001] [2002] [2003] [2004] [2005] [2006] [2007] [2008] [2009] [2010] 18 . Figure 5 , 6 and 7
clearly show that there is evidence of a general positive correlation among the markets although short 14 As pointed out by Gilmore et al. (2008) , the decomposition procedure is sensitive to different orderings of the variables used in the VAR model. In each of the VAR model estimated, we decided to order the stock markets considering the capitalization/GDP ratio (see tab. 2) and ordering markets from higher to lowest values of that ratio. 15 The optimal lag indicated by the AIC was 3, while the SC selected 1 lag. We decide to estimate the more parsimonious model as indicated by the SC. 16 The AIC selected a VAR of order 3, whilst the SC selected a VAR with 1 lag. We chose the last one as the more parsimonious. 17 Both AIC and SC indicated an optimal lag equal to 3. 18 The low values of correlation during the first two years ( fig. 6 ) are due to the fact that EWMA methodology gives more weight to the recent data than older included in the data set. However as pointed out by Roh (2007) , placing much value only on the recent data, may lead to measurement errors in evaluating the relationship between variables. As pointed out by several authors (Ng, 2000; Bekaert and Harvey, 2005) an increasing financial integration among stock markets may due to the removal of barriers to capital flow. However some authors (Longin and Solnik, 1995; Bodart and Reding, 1999) argue that the process of integration seems to be characterised by time variation. High level of integration seem to characterise the relation among stock markets during period of economic downturn. (2001) and Li and Majerowska (2008) . Both these authors find that the co-movement between global stock markets and emerging markets are weak. (King and Wadhwani, 1990; Collins and Biepke, 2003) (Kenc and Dibooglu, 2010) and spread from US to other international stock markets.
However the crisis hit with some lag the SEE emerging stock markets. In order to take into consideration the lag we use the following model which allow to carry out a statistical analysis of correlation coefficients 22 in different phases of the financial crisis:
where ρ ij,t is the pairwise correlation coefficient between the stock returns of developed and SEE emerging markets such that i = Germany, UK and USA whereas j = Bulgaria, Croatia, Greece, Romania, Turkey, Slovenia. The lag length in the above equation is determined by AIC criterion and each dummy variable specification including also the three dummy variables described previously:
As pointed out by Chang et al. (2007) , if the estimated coefficients of the dummy variables are statistically significant then this means that a structural changes in the magnitude of mean or/and variance occurred.
Results reported in table 11 show that generally none of the mean equation Dummy variables are statistically significant in the GARCH models for UK and SEE correlations as well as for US and SEE. On the other 21 Our results are consistent with the study of Rigobon (2003) . That author shows that during several recent financial crisis (Mexico 1994 , Asia 1997 and Russia 1998 , correlations coefficients among stock markets around the world are observed to be higher than during period of stability. 22 Our analysis was conducted using correlation coefficients generated by the DCC models in section 4. The main reason of using DCC correlations rather than EWMA or BEKK correlation is that also Chang et al. (2007) used DCC correlations results in the model we estimated in section 5. 23 We choose arbitrarily that period by using the values of returns and standard deviation of the US stock market. During the first phase of the crisis, the mean returns for the US was -0.4% whilst standard deviation was 2%. In the second phase of the crisis those values were respectively -1.1% and 5%. During the last period average return of S&P100 index was 0.4% and standard deviation 2%. During the overall period of our analysis (i.e., 2000-2010) 
Conclusions
Cointegration results indicate that SEE equity markets does not show a long term relationship with our benchmark markets (Germany, UK and USA) The results have important implications for mature stock markets investors. For instance, because of the SEE markets do not share a common long run trend with both mature markets diversification benefits take place for German, UK and US investors in terms of portfolio diversification. In other words there is an attractive opportunity to developed stock markets investors to diversify their portfolios in SEE stock markets. We also find that bi-variate Granger causality tests revealed significant causality running from the US to SEE markets, showing the leading role of the US stock market. This paper also analysed the changing correlation between the equity returns of developed and SEE emerging market pairs. EWMA correlation results evidence positive correlation of SEE market with developed markets, although there are also short period of negative correlation. We also used a DCC GARCH model for estimating time varying correlations. We find that the correlations of UK and US equity markets with SEE market change over time, however changes in correlations between our benchmark markets and individual SEE market pairs is not uniform. Because of the correlation among some developed stock markets and emerging markets is increasing over time, we found that these SEE markets cannot longer to be considered emerging market but just stock markets moving toward developed markets. Our results might be very useful for international investors who are interested to diversify their portfolio internationally across markets characterised by different stages of financial development.
